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ABSTRACT

The local scattering function (LSF) and the generalized channel
correlation function have recently been introduced as intuitive and
useful statistical characterization of fading channels that do not sat-
isfy the usual WSSUS assumption [1]. In this paper, we present a
generalized LSF and we demonstrate that for the subclass of prac-
tically relevant doubly underspread non-WSSUS channels, several
useful approximations and interpretations for the LSF can be given.
We further propose a computationally efficient, nonstationary mul-
tiwindow LSF estimator that yields reliable estimates in the case of
doubly underspread channels even for a single channel realization.

1. INTRODUCTION

Usually, the statistical characterization of fading dispersive chan-
nels has been limited to channels with wide-sense stationary un-
correlated scattering (WSSUS) [2, 3]. Here, scattering function
and time-frequency (TF) correlation function proved useful in a va-
riety of practical applications and theoretical developments. Since
the WSSUS assumption in practice is not (exactly) satisfied (cf.
the quasi-WSSUS channels in [2] and [4-7]), a practically useful
and physically intuitive statistical characterization of non-WSSUS
channels in terms of a local scattering function (LSF) and a gen-
eralized channel correlation function (CCF) has recently been pro-
posed [1]. While the LSF can be interpreted as mean TF dependent
scatterer power, the CCF characterizes the (nonstationary) scatterer
correlation. LSF and CCF are expected to be beneficial for realis-
tic channel simulation, performance analysis of wireless communi-
cation schemes, improved transmitter/receiver design, and for the
assessment of algorithms exploiting long-term channel properties.
In this paper, we focus on doubly underspread (DU) non-

WSSUS channels [1] and present the following new results:

e We define generalized LSFs based on the concept of “atomic”
channels. We show that in the case of DU channels, all LSF defi-
nitions, while theoretically distinct, are practically equivalent.

e We demonstrate that in the case of DU channels, statistical scat-
terer properties change only slowly with time and frequency. Dur-
ing a stationarity time 7y and within a stationarity bandwidth F;,
DU channels can thus be approximated by WSSUS channels.

e We provide a Karhunen-Loeve (KL) [8] type decomposition of
DU channels into a set of well-structured (deterministic) atomic
channels weighted by uncorrelated random coefficients.

e We introduce computationally efficient LSF estimators. A bias-
variance analysis reveals that for DU channels, reliable LSF esti-
mates can be obtained from a single channel realization.

2. LOCAL SCATTERING FUNCTION, CHANNEL
CORRELATION FUNCTION, AND GENERALIZATIONS

We consider a linear, time-varying (LTV) zero-mean random chan-
nel H that maps the transmit signal x(¢) to the received signal y(r)
according to! y(t) = (Hx)(¢) = [ h(t,t) x(t — 7) d7, with h(z,T) the
impulse response of H. Other channel descriptions are the time-
varying transfer function Ly (t, f) £ [h(t,7)e 2"/ d1 [2] and the
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(delay-Doppler) spreading function Sg(t,v) = [h(t,t)e /> dt
[2]. Transfer function and spreading function are related by a 2-D
Fourier transform.

Local Scattering Function. For a non-WSSUS channel, Ly (1,f) is
a nonstationary random process with correlation function

Ry (t, f3a1,af) 2 E{Ly (1, f +af) Lig(t — a1, )}.
The LSF of H can be defined as [1]

Gyt f:7,v) £ //RL(r,f;Az,Af)e*ﬂ’f(VA’*TAf) datdaf .

In signal theoretical terms, the LSF can be interpreted as nonsta-
tionary power spectrum of Ly (7, f). A physical interpretation is as
follows. Transmitting the signal g, . » (t) = g(t —ty+1y) /270!
(localized about the TF point (¢, — 7, f;,)) over H and taking the in-
ner product of the received signal (Hgto_ o, )(¢) with 81 otV (t)=

g(t —1,) e/?*Uo™0)" (which is localized about (1, f, + V;)) yields
a measure of the energy transfer from (¢, — 7, f;)) to (ty, f, + ;)
effected by H. On average, this TF energy transfer equals

2 (@ .
E{|<ng0—ru,f07gt0,fo+vo>| b= (Gun Ke) (19, foi T, Vo) (D)

Here, %, denotes d-dimensional convolution and K, (t, f;7,v) is a
well concentrated smoothing kernel that depends on g(¢). Accord-
ing to (1), the locally averaged LSF the mean power? of scatterers
causing a delay-Doppler shift (7,,V,) of transmit signal compo-
nents localized about the TF point (z,, f;))-

In the special case of Hbeing WSSUS, there is R, (7, f;at,Af) =
Ry (ar,af) and Gy (t, fi7,v) = Cy(t,v), where Ry(at,af) and
Cyy(t,v) denote the TF correlation function and the scattering func-
tion of H, respectively [2, 3].

Channel Correlation Function. The LSF has been complemented
with the CCF, defined as [1]

g (AL, Af;AT,AV) £ ////%H(t,f;f, v)e—ﬂfr(Avr—Ar.f)
x e2PAV=ALD) grafdrdy.  (2)

The CCF is symmetric, assumes its maximum at the origin, and can
be viewed as measure of the correlation of scatterers separated by
At, Af, AT, and Av in time, frequency, delay, and Doppler frequency,
respectively. That is, the CCF extension in the At and Af direc-
tion characterizes the temporal and spectral correlation/coherence
of Ly (¢, f) and the CCF extension in the A7 and Av direction charac-

terizes the delay and Doppler correlation of S (7, V). For WSSUS

channels, scatterers with different delay or Doppler are uncorre-
lated; correspondingly, 27 (a1, Af;4T,4v) = Ry (at,4f) 8(aT) 8(av).

2We note that in general Cy(t, fi7,v) itself is not guaranteed to be real-
valued and positive. This problem will be settled in Section 3.



Generalized LSF. The LSF is not guaranteed to be positive and
requires the whole correlation function R, (¢, f;At,4f) for its com-
putation. In the following, we define generalized LSFs (GLSF) that
allow to avoid these disadvantages while maintaining an intuitive
physical interpretation. These GLSFs will be seen to be important
in the context of LSF estimation in Section 4.

Consider the deterministic “atomic” LTV channels

GPy =Sc\S, ;GS, 3)

where S, ; denotes the TF shift operator (defined by (Sfo fux) (1) =

x(t —ty) e/2™") and G is a normalized (||G|| = 1) LTV prototype
system whose transfer function LG(t7 f) (and thus TF pass region)
is smooth and localized about the origin of the TF plane. Corre-
spondingly, the TF pass region of S, fGS+ is localized about the

TF point (¢, f). Hence, the atomic channel GT V extracts transmit

signal components localized about (t,f) and shrfts them by 7 in
time and by v in frequency. The atomic channels (3) are basic
building blocks for an arbitrary LTV channel H in the sense that

H= ////,%ﬂ(@ (1.f:2.v) GFY didfddv. @)

The coefficients in this weighted superposition are given by

A9t fiw,v) = (HGFY) = (Lyg.Lgey)
tf

7//L FVLE[—1,f —

From the above discussion, it follows that the GLSF
A (1, fre,v) & S, fi1,v)*) (©6)

can be interpreted as mean power of scatterers causing a delay-
Doppler shift (7, V) of signal components localized about the TF

point (z, ). In fact, (6) can be viewed as 4-D expected spectrogram
[8] of the channel that is related to the LSF as

S (1, f:7,v) = (G #) (1. F37,V),

where (1, f:7,v) £ L (1, f) SE(T,v)eﬂ”(fT”v) is the transfer
Rihcazek distribution of G [9]. With the assumptions stated above,
both L, (t, f) and SG(’L’ V) are reasonably concentrated about the

)ejZﬂ:(t’vff’r) dt/df/. (5)

origin so that y (t f37,Vv) is a slightly smoothed version of the
LSF. Since L (t f) and SG(‘L'7 v) are a 2-D Fourier transform pair,
the amount of smoothing in the TF coordinates (¢, f) and the delay-
Doppler coordinates (7,v) can be traded via choice of G. The
GLSF in (6) is always real-valued and positive and involves only
“local” channel properties (cf. (5)).

A simple extension of (6) is obtained by using K different (nor-
malized) prototype systems G, k = 1,...,K, leading to the GLSF

K
TP (1. fi7.v) & k; 7T, f17,v) @)

:(Cg *4‘13)(t,f;’t,v), (8)

where ®(z, f;T,V) = Zk A (t f37,v). The GLSF in (7) can

be interpreted as expected multrwmdow spectrogram of H. It will
be nonnegative iff y, >0,k =1,...,K. Using (8), the Fourier trans-

form ’Q{}YD) (at,Af;4T,4v) of %If;b) (¢, f;7,Vv) can be shown to equal

a{éq’) (at,AfAT,4v) = oy (at,Af;4T,4V) &(at,afa1,4v),  (9)

where &(at,Af;AT,av) is the Fourier transform of ®(t, f; 7, v). Eq.
(9) reflects the fact that the smoothing of €y (¢, f:7, V) in (8) will
be stronger if ®(At,Af;AT,AV) is a lowpass function whose Fourier
transform $(az,Af ;AT,AV) is concentrated about the origin.

3. DOUBLY UNDERSPREAD CHANNELS

In [1], the notion of doubly underspread (DU) channels was in-
troduced to characterize non-WSSUS channels that are both dis-
persion underspread and correlation underspread. A channel H is
dispersion underspread if [ Gy (t, f;7,v)dtdf = E{|Sg(7,v)[*}
is concentrated about the origin, meaning that H causes only small
time-delays and/or small Doppler frequency shifts. Note that by
the Fourier duality of T < Af and v < at (cf. (2)), a small exten-
sion of the LSF in the 7 and v direction implies a large extension
of the CCF in the Af and At, direction respectively. That is, a small
maximum delay Tpax (maximum Doppler Vy,x) results in a large

coherence bandwidth F, = 1/ T,y (coherence time T, 2 1/Viay).-
A channel H is correlation underspread if its CCF is concen-

trated about the origin, meaning that only scatterers that are “close”
in time, frequency, delay, and Doppler are correlated. To measure
the spread of the CCF, we use the weighted integrals

W) A& ////w(At,Af;M,Av) | 4y (At,Af;AT,AV) |dAt dAf daTdav .
Here, w(At,Af;4T,4v) > 0 is a nonnegative weight function satisfy-
ing w(0,0;0,0) = 1 and penalizing CCF contributions off the ori-
gin. Thus, sg” ) is small for DU channels. We next discuss important
consequences of the DU property for the (G)LSF.

Equivalence. While GLSFs with different ®(Az,Af;AT,4V) are for-
mally different, in the DU case all GLSF are approximately equiv-
alent. In particular using (9) one can prove the bound

|G, f2,v) =P (1, f37,v)] < s
with w(at,af;47,4v) = &, (at,4f;47,4v) — &, (a1, Af;4T,4v). If H
is correlation underspread and fi>l (at,Af;AT,AV) & &2 (at,Af;AT,AV)

on the effective support of ]JZ%H (at,Af;AT,Av)|, then the expression
on the right-hand side will be approximately zero and thus

GO, f7,v) =GP (1 f7,v).

2(1, fiT,V) = Cult, fit,v) Ge.,
@2 (at,af;at,4v) = 1), the approxrmatron

G (1, £:7,v) = Gyt £37,V) (10)
holds if &(at,af;47,4v) ~ 1 on the effective support of the CCF.
Realvaluedness and Positivity. While the LSF €4 (1, f T,V) is not
guaranteed to be real-valued and positive, the GLSF Y )¢, f37,V)
is positive but involves a somewhat arbitrary prototype G. The
equivalence Gy (¢, f;7,V) = 5”}(1G> (t,f;7,v) for DU channels sug-
gests that here the imaginary and negative parts of Gy (t, f;7,V)

In the important special case ‘5

are negligible. Let %”IEI*) (¢, f;7,Vv) denote the positive real part of
G (t, f37,v). It can then be shown that

|Gue,f:7,v) =€ fi7,v)| < ﬂsg”'l)—f—ngnsg“z)

Here, Wl(At Af;AT,4v) = |at] |af|[at| |av] and w, (ar,Af;AT,4V) =
|1 —® (at,af;47,4v) | with D (at,4f;AT,4v) denoting the Fourier
transform of #¢(t, f;7,v). If His correlation underspread, sg'l) is

small and s(w°> can be made small by suitable choice of G. Thus,

Gyt it V) =G (1 fi1,v). (11)
We conclude that for DU channels the LSF is effectively positive.

TF Smoothness and WSSUS Approximation. According to (2),
t <> Av and f < AT are Fourier dual variables. Thus, the LSF varia-
tion with respect to ¢, f is determined by the CCF extension in the

AT, Av direction. This can further be seen, e.g., from the bounds
k. . ke .
"y (t.fiT,v) < (amst) Iy (t.fiT,v)
ok - afk

o), < (27m)Ks(w2)

H




where w, (at,4f;47,4v) = |av|* and w,(at,Af;4T,4v) = |at|*. An

alternative bound on the rate of variation of the LSF is
\%H(t,f;r, V) =Gy ty: foi T, v)\ < 2n[|tfto|sgvl> + |f7f0|sg”2>]
12)
Both types of inequalities show that for DU channels (where sg'l)
and v(w ) are small), the LSFisa emooth function of t and f. Let us
deﬁne a stationarity time Ty = l/s
F 2 l/sl;“2 . According to (12) and (11), there is Gy (¢, f37,v) =
Culty, fyT,v) = iflfl+>(t0,f0;r,v) for |t — )| < Ty and | f — f)| <
F;. Thus, within the time interval [t,,, + 7] and the frequency band

[fo, fo + Fs], the LSF is (effectively) constant and the DU channel
can be approximated by a WSSUS channel with scattering function

%}(;) (195 fo: 7, v). We note that for correlation underspread chan-

) and a stationarity bandwidth

nels, s*"1) and s"2) are small and thus Ty and F; are rather large
(for a WSSUS channel, Ty, = Fg = ).
Example. We consider a simple example dealing with an in-

door WLAN type scenario. We assume a carrier frequency of f; =
5.4 GHz, a maximum receiver velocity of vy = 1m/s, and a max-

imum path length between transmitter and receiver of d = 30 m.
This corresponds to a maximum delay and Doppler of T = d_

&
100ns and Viax = -2 2 fe = 18 Hz, respectively. Correspondingly
T. = 55.6ms and FC

10MHz. With TyaxVinax = 1.8-107¢ < 1,
we conclude that the channel is dispersion underspread. Scatterer
correlation usually results from reflections by the same physical ob-
ject. Assuming the maximum width and angular spread of the scat-
terers to be w = 0.3 m and & = 1°, respectively, results in ATy =

¥ = Ins and AVmax = Viax 8in(6) ~ 0.31 Hz. Assuming sgvl) ~
AVinaxs s%vZ) A ATyay Tesults in 7y = 3.2s and F, = 1GHz. With

the effective CCF support of T Fr ATmax AVimax = 1.72- 1074 < 1, it
follows that the channel is correlation underspread and thus DU.

KL-Type Representation. Non-WSSUS channels are intricate ob-
jects in that their transfer characteristics vary with time and their
statistics is nonstationary. A canonical representation that decou-
ples the randomness and the TF transfer characteristics in the spirit
of a KL expansion [8] is thus highly desirable. In fact, under certain
conditions regarding the “atom” G and the sampling periods T}, F;),

Ty» V> any channel H allows for the decomposition (ct. (3))
N (WA : (AWAY
H= ZZZan Gj;TokFo, with nn_’ = (H,I"0%),

nTy,kF,

(13)
where I is a prototype LTV channel that is in a certain sense dual
to G [10]. Note that (13) is a discrete version of (4). In the case
of a DU channel, one can show that the correlations of the random
coefficients nr’l”l’(l in (13) satisfy the approximation

| +m I+ FY .
IE{n;’k (n;ﬁrnr’nkJrk’ ) } ~ Gy (nT,, kFy;mty,1v,) 8, 8,8, 6, ,

m,l

i.e., the coefficients ny, are approximately uncorrelated and their

mean power is equal to (suitable samples of) the LSF. In fact, the
errors incurred by this approximation are bounded as

‘E{‘nnk’ } Cg I’l I’I’ITO,IVO)’ < sgﬁ).

and

m+m’~l+l’)*

(w,) !
n+n' k+k' < SH ’ n.k

‘]E{nr’f;(l( ' I #£0.

Here, w, (At,Af;4T,4v) = | 1—Bp(at,4f14T,4V)|, wy (At Af;AT,AV) =
|Dp(at —n'Ty,af —K'Fy;aT—m/15,av —1'vy)|. In the case of a DU
channel, s*1) and s(*2) can both be made small by suitable choice
of G, T, T, Fy, 7, V, [10].

4. LSF ESTIMATION

We next consider estimation of the LSF of a non-WSSUS chan-
nel. Since realizations of the channel impulse response or transfer
function can never be observed directly, we assume that a noisy re-
alization H=H+E, (i.e, h(t,7) = h(t,7) +e(r,7) or Ly (t, f) =
Ly (t,f) + Lg(t, f)) of the channel has been measured. Further-
more, we make the simplifying assumption that e(t, 7) and Lg (z, f)
are stationary and white with known intensity 2.

The LSF estimator we propose is an extension of the nonsta-
tionary spectral estimators in [8, 11]:

Cult, 37, v) 2 Zyk|%” /5 V)7 =% (14)

Here, 772G (¢, f;7,v) is computed according to (5), with H re-

placed by H. We assume tr{G,} = 1 and Zk 1% = 1. Subtraction

of 62 in (14) can be shown to result in partial bias compensation.
Note that (14) is just (7) without expectation. The LSF estimator in
(14) can alternatively be rewritten as

Cult f37,V) = (W2, @) (1, f:7,v) — 0 (1s)
with ®(¢, f;7,v) = ):,’f:] yk”//Gk (¢, f57,Vv). Since it can be demon-

strated that G (¢, f;7,V) = E{#44(t,f:7,v)}, (15) shows that the
estimate ﬁl(t,f ;T, V) replaces expectation with a local averaging.
We shall next provide a bias-variance analysis for (¢, f;7,V).

Bias. Starting with (15), we obtain
E{Cy(t.f:7,v)} = B{(# 5, ®)(t, f37,V)} — 0
= (G @)1, f17.v) = G P (1. fi1,v).

Here, we used the fact that G (z, f:7,v) = 02 and that H and E are
uncorrelated. Thus, the estimator bias equals
B(tvf;f-, V) é %H(Zaf;rav) 7E{%H(t7f;rvv)}
- %H(taf;ra V) 7%51(1)) (tvf;fv V)'
According to (10), B(t, f;7,v) ~ 0 if H is a DU channel and if
&(t, f;7,v) is designed such that &(ar,af;47,4v) ~ 1 on the effec-

tive support of @y (az,4f;A7,4v). This claim is supported by the
following expression for the overall bias squared:

//// }B(t,f;r,v)|2dtdfd7:dv = //// |MH(At,Af;Ar,Av)}2

X |1—®(ar,af;41,4v) | dAtdaf datdav .

Variance. The derivation of the estimator variance builds upon (14)
and the assumption that channel and noise are Gaussian. Using
Isserlis’ theorem [12], one obtains after some manipulations

V2, fiT,v) & ]E{]% (. f;2,)°} = B, £:7,v) 2
:ZZnM%m PRI
k=1k'=1
+20°6 Pt f11,v) + o*|@|* (16)
< |l @) (|65 + %), (17)

with @'(t, f:7,v) = YK | |n % (1. fi7,v). Eq. (16) shows that
for those (¢, f;7,v) where Gy (t, f;7,v) (and thus <F 1, fi7,v))

is large, also the variance of ‘KH(t,f, 7,v) will be large. Inequality



(17) shows that the estimator variance is upper bounded in terms
of the squared norm of the smoothing kernel ®(¢, f;7,v). Fur-

thermore, the (¢, f;7,V)-dependent variance part V2(z, f;7,v) =
V2(t, f;7,v) — 6*||®||? can be shown to equal on overall

JJ[[ . s:mviaragazav = ol (1%, P +20%R).
where pg £ [[[[ €y (t. fi7,v)dtdfdTdv. Since

@] = || D] = /// (b (ar,af:47,4v) > dat daf dat dav,

and &(0,0;0,0) = 1, it follows that in order to achieve small es-

timator variance, the support of Ci?‘(At,Af ;AT,AV) about the origin
should be small. In general, this goal is in conflict with the require-

ment for a small bias, CTD(AI,A_ f;AT,4v) =~ 1. However, for DU chan-
nels, the CCF is effectively supported within a hypercube % whose

volume A is much less than one, A < 1; using &)(At,Af;AT,Av) ~1
within Z and ﬁ)(At,Af;Ar,Av) ~ 0 else allows to achieve a small
bias and, due to || ®||?> ~ A, a small variance. We conclude that DU
channels allow for reliable LSF estimation.

Design Guidelines. We finally provide some guidelines for the
design of the LSF estimator in (14). The individual terms in (14)
require computation of (cf. (5))

G, fi1,v) ://Lﬁ(t’,f’)Lf;k(z’—z,f’—t)eﬂ”(”‘f/f) ar'df’

For each TF analysis point (¢, f), this requires i) multiplication of
the measured transfer function L, (¢, f") with a version of the “win-
dow” LGk(t/ ,f') that is shifted to (¢, f) and ii) a 2-D Fourier trans-
form of this product. To make these computations feasible, we pro-
pose a simple separable window LGk(t7 f)=u,(t) i, (f) whose sup-
port is contained within the rectangle [—7/2,T /2] x [-F /2,F /2].
A practically useful choice for u,(z), i, (f) is given by the pro-
late spheroidal wave functions pgn (¢) of duration T (see e.g. [8]).
We use I prolate spheroidal wave functions in the time direction,
pST) (t), i=1,...,1, and J prolate spheroidal wave functions in

the frequency direction, \/;pﬁT)(fTT) j=1,...,J, to obtain a to-

tal number of 1IJ TF windows LGk(t,f) = \/;pl(T) (t)pE,T)(%>,
k= (i—1)J+ j. The choice of the duration 7 and bandwidth F
of G, is directed by conflicting requirements: TF should be small

such that the nonstationary channel statistics are not averaged out
and bias is kept small; on the other hand, large TF implies larger
regions over which the statistics of Lﬁ (¢, f) are averaged, thereby
leading to smaller estimation variance. A reasonable compromise is
to choose the effective duration/bandwidth of the temporal/spectral
windows equal to 7 and Fj, respectively (leading to T = T and
F = cF; with ¢ =2...3). A similar bias/variance tradeoff applies
to the choice of I and J (more windows lead to increased bias but
reduced variance). Generalizing arguments in [11], it can be shown

that a judicious choice is given by I ~ \/T;/T. and J = +/F;/F,.

5. NUMERICAL RESULTS

Simulated Channel. We first consider LSF estimation® for a syn-
thetic non-WSSUS channel that was simulated according to

P
h(t,7) = 21 ap(t) hp(t,7).
=

Here, the h,(f,7), p=1,...,P are impulse responses of P uncorre-
lated WSSUS channels with distinct scattering functions Cyy (7,V)
P

3In the numerical simulations, we used discretized versions of A(t, 7),
Ly (t,f), and Gy(t, f; 7, v) obtained via simple sampling arguments.
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Figure 1: LSF estimator performance (a) versus number of time
windows I and number of frequency windows J and (b) versus mean

SNR (in dB).
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Figure 2: (a) Measurement scenario (dark gray indicates build-
ings); (b) estimated TF path loss ﬁ%(n fe) (thick black, in dB) and
instantaneous path loss (thin gray).

and the a,(t) are deterministic time-varying weights. The LSF of
this channel is given by Gy (t, fi7,v) = 25:1 \a,,(t)|2CHp(T7v).
To ensure a DU channel, the weights o, (r) change only slowly with
time. Note that € (¢, f; 7, v) is independent of f, corresponding to
uncorrelated channel taps.

For each simulated channel realization, we computed LSF es-
timates according to Section 4 using various numbers / and J of
prolate spheroidal wave functions for the temporal and spectral
windowing. Fig. 1(a) shows the normalized overall squared bias,
variance, and mean-square-error (MSE) of these estimates for the
noise-free case (computed by averaging over 40 simulation runs).
It is seen that while the bias is quite small for small /, J, variance
and thus MSE is very high. In contrast, variance is very small for
large 1, J; here, however, the MSE is degraded by a significant bias.
An optimal balance of bias and variance is seen to be achieved for
I =4, J = 6. Here, the normalized MSE is seen to be about 10 %,
verifying that reliable LSF estimation based on single channel mea-
surements is possible. Fig. 1(b) shows the dependence of overall
squared bias, variance, and MSE on the mean SNR (i.e., ratio of
average path loss and 6%) with I = 4, J = 6 fixed. It is seen that
for mean SNRs larger than 15dB, the MSE of the LSF estimate is
almost identical to that of the noise-free case.

Measured Channel. We next applied our LSF estimator to a chan-

nel measured* in the course of the METAMORP project [13]. at
a carrier frequency of f. = 1792MHz, impulse response snapshots
h(kTiep,17y), k=1,...,2160, [ = 1,...,64, were recorded every
Trep = 49.152 ms with measurement bandwidth B =1 /7, =10MHz.
The total measurement duration was 50.33s. The suburban prop-
agation scenario is shown in Fig. 2(a). The base station is labeled
‘BS’ and the mobile moved from position ‘A’ around a corner (la-

4Courtesy of T-NOVA Deutsche Telekom Innovationsgesellschaft mbH
(Technologiezentrum Darmstadt, Germany). We are grateful to I. Gaspard
and M. Steinbauer for providing us with the measurement data.



Figure 3: Eight snapshots of the (normalized) LSF estimate ‘KAH(t, f37T,V) of the measured channel with f = f, fixed and (a) t = 3s, (b)
t=09s,(c)t=18s, (d)t =225, (e)t =255, (f) t =28s, (g)t =325, (h)t =45s.

beled *C’) to position ‘B’ with a constant speed of 1.6 m/s (corre-
sponding to Vipax = 9.56 Hz).

We first subtracted a quite weak channel mean from the mea-
sured impulse response. Then, using a rough LSF estimate and
physical considerations, we estimated 7, ~ 100ms, F; ~ 1.5MHz,
T =~ 3s, and Fy =~ 24 MHz (thus, this channel is DU). An improved

LSF estimate ‘KAH(I, f37,v) was then obtained according to Sec-
tion 4. We used I = 6 ~ /T;/T. temporal windows of length

T = 6.3s (effective duration ~ Ty), and J = 4 =~ \/F;/F, spectral
windows of maximum possible bandwidth ' = B = 10MHz. Fig.

3 shows %AH(t,f; 7, V) for fixed f = f. (as a consequence of F; > B,

Gy (t, fi7,v) was virtually independent of f within the measure-
ment band) and several time instants. For better visibility, all LSF
estimates where normalized by the reciprocal of the time-varying
path loss p&(t, fo) = [ Gy(t, fe:T,v)dTdv (shown in Fig. 2(b) to-
gether with the “instantaneous path loss” [, |a(t, 7|*d7).

The LSF estimate can be directly related to the physical propa-
gation scenario in Fig. 2(a) and to the various phases of the mobile’s
movement. Initially (r = 0 —20s, Fig. 3(a)-(c)), the mobile moves
through a street towards the corner. Here, shadowing causes a large
path loss (cf. Fig. 2(b)); furthermore, the Doppler frequencies of
the dominant scatterers close to Vip,x, Which correspond to angle-
of-arrivals (AOA) ~ 0°, indicate that the majority of paths arrives
through the street ahead of the mobile. Since the mobile gets closer
to the base station, the delay of the dominant scatterers drifts by
about 0.1 us from ~ 0.4 us to ~ 0.3 us (corresponding to the cov-
ered distance of 40m). Then, a transition phase starts that lasts
from ¢ = 20 to r = 30 (Fig. 3(d)-(f)). At the corner, the AOA and
Doppler spread widen up and eventually a line-of-sight component
with Doppler frequencies close to 0Hz (AOA = 70 — 80°) appears
(Fig.3(e),(f); cf. also Fig. 2(b)). As the mobile turns right after the
corner and approaches the base station (t = 30 —50s, Fig. 3(g),(h)),
the AOA of the dominant line-of-sight component is 0°, resulting in
a Doppler frequency = Vpax. The delays of this dominant path drift
by 0.1 us from ~ 0.25 us to ~ 0.15 us. A second, weaker compo-
nent with Doppler frequency —vpax (AOA 180°) can be attributed
to reflections by the building labeled ‘D’ in Fig. 2(a).

6. CONCLUSIONS

In this paper, we introduced a generalized local scattering func-
tion (LSF) and applied the LSF and the channel correlation func-
tion (CCF) to the practically important class of doubly underspread
(DU) non-WSSUS channels. Such channels are characterized by
i) small delay-Doppler shifts and ii) a CCF that is concentrated
about the origin (meaning that only closely spaced scatterers are
correlated). The LSF of DU channels features several (approxi-

mate) properties that simplify its interpretation and practical appli-
cation. Finally, we established a multi-window LSF estimator that
is computationally efficient, involves only local channel properties,
and allows a simple bias-variance trade-off. For DU non-WSSUS
channels, this estimator yields reliable results even if only a single
channel measurement is available.
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